BARYCENTRIC BROWNIAN BEES

LOUIGI ADDARIO-BERRY, JESSICA LIN, AND THOMAS TENDRON

Abstract. We establish an invariance principle for the barycenter of a Brunet-Derrida particle system
in d dimensions. The model consists of N particles undergoing dyadic branching Brownian motion
with rate 1. Ata branching event, the number of particles is kept equal to N by removing the particle
located furthest away from the barycenter. To prove the invariance principle, a key step is to establish
Harris recurrence for the process viewed from its barycenter.
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1. Introduction

The barycentric Brownian bees processes are Brunet—Derrida particle systems defined as follows.
The population consists of N individual particles, whose positions are points in R%. Independently,
each particle moves according to a standard Brownian motion, and undergoes binary branching
at rate one. The instant when a branching event occurs, the particle furthest from the current
barycenter of the particles is removed. Our notation for such a process is

X = (X(6), 2 0) = (X:(0)) el £ > 0).

We write X(t) = N713° ooy Xi(t) and X = (X(t),t > 0), and call X(t) the barycenter of
X(t). o

The result of the current work is an invariance principle for the barycenter process X.
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Theorem 1.1. Foralld > 1 and N > 1, there exists o = o(d, N) € (0, 00) such that, as m — o0,
(m—l/zf(tm),o <t< 1) 4 (eB(t),0<t < 1),

with respect to the Skorohod topology on D([0, 1], RY), where (B(t),0 < t < 1) is a standard Brownian motion
in RY starting at the origin.

It turns out thato(d, 1) = 1 = 0(d,2) foralld > 1. For N > 3, our proof does not yield insight
into the value of o(d, V). We point out that whatever the initial configuration X (0), it is sent to the
origin by this scaling. Since the Skorohod topology relativized to C([0, 1], R%) coincides with the
uniform topology;, it is not hard to see that any reasonable smoothing of (m’l/ 2X(tm),0 <t < 1)
will converge in distribution to (¢ B(t),0 < ¢ < 1) in the uniform topology on C([0, 1], RY). For
example, one may linearly interpolate (m_l/ 2X (tm),0 <t < 1) at integer times.

A key step in proving Theorem |1. 1] is to show that, when viewed from its barycenter, the process
1s Harris recurrent.

Definition 1.2. (Harris recurrence, [[14]) We say that a time-homogeneous cadlag Markov process ® =
(®y,t > 0) on the state space RN is Harris recurrent if there exists a o~finite Borel measure @ on RN such
that for any Borel set A C RN with o(A) > 0, for all x € RPN,

P,(na=00)=1
where NA = [ Lo,caydt is the total time spent in A by .

Throughout the paper, we will denote particle configurations by x = (l’i)ie[ N] € RN where
cach z; € R Given a configuration 2 € R*Y | and another point y € R%, we write 2 — y :=
(x; — y)ie[ N]- Equipped with this definition and notation, we state the second main result of the
present work.

Theorem 1.3. The process X — X := (X (t) — X(t),t > 0) is Harris recurrent.

1.1. Two constructions of barycentric Brownian bees, and a little additional notation

We work on an abstract probability space (€2, F, P), rich enough to support all of the random
variables encountered.

There are two distinct constructions of the barycentric Brownian bees (hereafter BBB) process
that will be useful at different points in our analysis. The first construction closely parallels that
given in Section 2 of [[7].

e Let 7 = (Ji,t > 0) be the counting process for a Poisson point process on [0, c0) with
rate N, and for i > 0let J; = inf{t > 0 : J; = i}. The process J will be the number of
branching events of X up to time ¢, and (J;, ¢ > 1) will be its branching times (and Jy = 0).

o Let (Ui;i > 1) be independent random variables, uniformly distributed on {1,--- , N}
and independent of J.

e Let (B;);c;nv) be independent d-dimensional Brownian motions starting from the origin,
which are independent of 7 and of (U;;7 > 1).

With these definitions at hand, the picture to have in mind when reading the formal construction
is this: at time J;, particle U; branches, and some particle is killed. If the killed particle has index
k, then we may equivalently view this as the particle with index k jumping to the location of the
branching event, which is X, (J;—).

Formally, fix an initial configuration = = () ¢n] € RN We may define the BBB induc-
tively, as follows. Set X;(0) = z; for each j € [N]. Then, for each ¢ > 1 and j € [N], let

Xj(t) = Xj(Jifl) + Bj(t) — Bj(Jifl), fort € [Jifl, Jl)

This essentially states that in between jump times J;—; and J;, the BBB process is nothing more
than IV independent Brownian motions, appropriately shifted. Finally, for each ¢ > 1, at time J;—,
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we let particle U; branch, and kill (remove) the particle with index

k= aﬁ?ﬁx X;(Ji—) — N1 Xu, (Ji—) + Z Xi(Ji—)

In words, we kill the particle which is furthest from the barycenter; the barycenter is calculated
taking the newly born particle into account. We do not need to worry about ties since they occur
with probability 0. This means that at time J;, we set

() = {Xui(Ji—> j=k,

Xj(Ji—=)  j e [Nk}
This completes the first construction.

The second construction realizes the BBB process as embedded within a standard d-dimensional
dyadic branching Brownian motion W (t) = (W;(t))icin ). The function N : [0,00) — N
counts the number of particles in the branching Brownian motion W at any given time. Our
convention is that when a branching event occurs in W, the new particle is appended to the end of
the list of existing particles; if the particle with index ¢ branches at time 7 then N'(7) = N (7—) + 1
and

(1.1)

Wi(t—=) ifj =N(7).
The branching property means that after time 7, the particles with indices ¢ and N (7) evolve
independently.

Given z € RN we initialize W with N particles in R? at positions (i)ie[n]> s0 that N'(0) =
N and W(0) = z. To describe the embedding of X within W, it suffices to explain the evolution
of the vector I(t) = (Iy(t),...,In(t)) € N ()M of indices of particles belonging to the BBB
process at all times ¢ > 0.

First, 1(0) = (1,2,...,N), and I is constant between branching events of W. If a particle with
index i & {I1(7—), ..., In(7—)} branches at time 7 > 0 then I(7) = I(7—). Finally, if for some
i € [N] the particle with index [;(7—) branches at time 7, then let

1
= argmax |Wp.;(7)

— o | Wreo(1) + D Wi (T
jE[N] N+1 1) (7) Z 1(r—)(7)

l€[N]

In other words, k& is the index of the particle furthest from the barycenter, when the barycenter
is calculated taking the newly born particle (which has index N (7) and position Wy, ;_y(7) =
W () (7)) into account.

Now set

_JN(7) ifj=k
li(r) = {Ij(r—) itj £k

We can then realize the process X as

X = (X;®) e = Wr)(1) jein)- (1.2)
The realization of the BBB process within a branching Brownian motion will be useful in particular
in Section f.

We note that the labelling conventions of particles are consistent between the two constructions,
in the sense that from a given configuration (X;(t—)) (w1, if there is a branching event at time ¢,
then the definitions of the vectors (X (t)):e[n] given by () and by (1.9) agree with one other.

At one point in the paper it will be useful to allow the BBB process to start from a configuration
with fewer than IV particles. In this case no killing occurs until the population size reaches N; a
branching event which occurs before this time simply increases the population size by one (with
the convention that the newly-born particle is appended to the end of the list of existing particles,
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like in a BBM). For a BBB started from fewer than N particles, we write N (t) for the number of
particles at time #, so X (t) = (Xi(t))ie[n()) and a.s. N(t) = N for all ¢ sufficiently large.
We write (F3,t > 0) for the natural filtration of X,

Fi = Fi(X) = o((X(5))jen; 0 < 5 < ).

We write P,.(-) == P(-| X (0) = z) for € R Likewise, for a Borel probability measure y on
RN we write P u for the probability measure under which the process starts from a p-distributed
initial configuration, namely P, (X (0) € A) = u(A) for Borel A C R>¥.

We use the notation B(y, 7) to denote the Euclidean ball centered at y of radius r in R%. Given

m—r0o0

two functions f, g : R — Rwith g # 0,wewrite f ~~ g if £m) 1+o0(1) asm — oo. Finally,

g(m)
for R-valued random variables Z1 and Z3, we say that Z stochastically dominates Z5 (with respect
to a given probability measure P), if

P(Zy>y)>P(Zy>vy), VyeR.

1.2. Overview of the proof

In this section, we first describe a general mechanism for obtaining invariance principles for
cadlag processes. We then sketch how it is applied in the current setting, and in particular how
Harris recurrence comes into play, and conclude with an overview of the proof that, when viewed
from its barycenter, the BBB process is Harris recurent.

Fix N, d € N. Given an arbitrary D([0, 00), R¥*")-valued stochastic process X = ((X;(t))je[n],
t > 0), we define the barycenter X () == N~ 37,y Xi(t); so X = (X (t),t > 0) is an R4

valued stochastic process. We say that X satisfies an invariance principle if there exist @ € R? and

ad x d matrix ¥ = X(d, N) such that
(m_1/2 (X (tm) — tma) ,0 <t < 1) L (SB(t),0<t < 1) (1.3)

with respect to the Skorohod topology on D([0, 1], R¥*N), where B = (B(t),0 < t < 1)isa
standard d-dimensional Brownian motion. The following general proposition identifies sufficient
conditions for X to satisfy an invariance principle.

Proposition 1.4. Let (0, F, P) denote a probability space and X : Q — D([0, 00), R>*N) a cadlag
stochastic process with X = ((X;(t))jen), t > 0) with X (0) = x for some x € RN Suppose that there
extsts a nondecreasing sequence (731 > 1) of Py-a.s. finite [0, 00)-valued random variables, and such that the
Jollowing properties are satisfied.

(1) (IID time increments) The time increments
(Tiy1 — Tisi > 1)

are independent and identically distributed, with finite mean.
(2) (LD increments) The R -valued random variables

(X1(Tig1) — Xi(m));i > 1)

are independent and identically distributed.
(3) (ldentical distribution between times) The R-valued random variables

T <t<Tiy1

( sup ‘X1<t) — Xl(Ti)’;i > 1)

are identically distributed.
(4) (Finite variance increments) We have

E[ sup |X1(t)—X1(71)]2} < .

T1<t<m2
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(5) (Barycenter approximation in probability) We have

m~Y2 sup [X(tm) — X1(tm)| = 0
0<t<1

in probability as m — oo.
Then the barycenter X of X satisfies an invariance principle (1.3). Moreover, the rescaling ¥ and the drifi o are
given by
S =By — ] /2Q
where Q is a d-by-d matrix such that C = QQT is the covariance matrix of X1(72) — X1(11), and
o = E,[X1(r) — X1(1)|Eg[r — 7] L.

The proof of Proposition [L4 appears in the Appendiy. To apply the proposition in our setting,
we begin by constructing a sequence of “regeneration” times for the BBB process X with properties
(1), (2) and (3) of Proposition |l.4) in mind. The prototypical regeneration time will be defined as
the first time p > 0 when two specific events have occurred. The events are constructed in such a
way that when they both occur, the process starts over (regenerates) from a single queen particle, by
which we mean that all particles in the BBB at time p are descendants of X1(p — 1). Ata time p
when these two events have just taken place, the law of (X;(p) — X1(p — 1));e[n] is given by an
explicit measure and is independent of the state of the process at any previous regeneration times
P <p.

In order to verify the conditions of Proposition .4, the key will be to control the amount of
time required for regeneration from a single queen particle to occur. The events required for re-
generation are defined in Section ; for now we simply note that they shall involve (a) a specific
branching pattern occurring over a bounded time interval, and (b) the particles staying in certain
bounded regions over the same time interval. The probability that these events occur will be easy
to bound from below, provided that all particles start at a bounded distance from their barycenter.

The latter requirement is closely connected to the Harris recurrence of X —X. Harris recurrence
essentially requires that a process eventually spends an infinite amount of time in any sufficiently
large set, where “large” is measured by a o-finite Borel measure which we are free to choose. We
prove this for X — X by showing that the time required for X to reach a configuration in which
all particles are a bounded distance from the barycenter has exponential tails (see Remark P.§ (ii)
below), so in particular has finite moments of all orders. This will easily yield Harris recurrence.
It will also allow us to deduce that our renewal time increments have exponential tails, and thence
to show that the renewal times satisfy the conditions of Proposition [L.4. Theorem will then
straightforwardly follow from Proposition [L.4.

The remainder of this section provides an overview of the proof that ® := X — X is Harris
recurrent. In broad strokes, the proof proceeds as follows. Given given points 1, . .., zy in RY,
say that © = (21, ...,xN) is unambiguous if for any vector (fi,..., fn) of non-negative integers

with N fi = N+ 1,

1 R
‘iﬂj—NJrl;fm # ‘xk_N+1§fi$i

forall1 < j < k < N. Here is the meaning of this condition. Suppose that at some point in the
BBB process, the particles have positions z1, ..., 2. Now imagine that a sequence of branching
events occurs in rapid succession, rapidly enough that the particles essentially do not move during
the course of the branching. If at some point during such a sequence, the moment a branching
event occurs, there are f; particles at (or extremely near to) position z; (for each 1 <4 < N), then
the barycenter of the configuration is at (or extremely close to)

1 N

(1.4)



6 LOUIGI ADDARIO-BERRY, JESSICA LIN, AND THOMAS TENDRON

If z is unambiguous, then at this point there is a unique particle which is furthest from the barycenter,
so there is no ambiguity about which particle to kill.

We actually use a more quantitative version of the above definition. For § > 0, say that x =
(z1,...,2N)is -unambiguous if for any vector (f1, . . ., fn) of non-negative integers with S | f; =
N+ 1,forall <j <k <n,wehave

1 & 1 &
‘xj_N—i-l;fixi‘_’xk_N—l—l;fixi > 4. (1.5)
It is not hard to show that if z = (z1,...,zy) is -unambiguous and y = (y1,...,yn) is such
that |z; — y;| < 6/4 for 1 < i < N, then for any non-negative integers (f1,..., fn) with

Zi]\il fi = N 4+ 1, the index j for which ‘a:j —(N+1)7! sz\il flxl‘ is maximized, also max-

imizes |y; — (N +1)71 Zf\il fzyz) This means that in the BBB process, if particles stay within

distance 0/4 of a fixed J-unambiguous configuration x for a given period of time, then during that
time, for the purpose of identifying which particle is furthest from the barycenter, one may pretend
that all particles within distance d/4 of point z; are in fact colocated at z;. In other words, during
that time the effect of spatial motion can be ignored when calculating which particles are killed after
branching events; we may just pretend all particles are located at one of z1,...,ZnN.

The following straightforward lemma implies that from any initial configuration, the BBB process
quickly reaches a d-unambiguous configuration for some d > 0. Write

& = inf{t > 0: X(¢) is 6-unambiguous} .
Lemma 1.5. For any € > 0, there exists § = d¢ > 0 such that
inf Pg(&<1)>1—e

zERIXN
The value of reducing to the unambiguous setting is that it allows us to study sequences of
branching and killing events for deterministic configurations in order to make deductions about
the possible behaviour of the BBB process. An unambiguous configuration consists of an unambiguous
vector ¢ = (z1,...,2N) and a vector w = (wy,...,wy) of non-negative integer weights with
Zi]\il w; = N. A branching event for site £ € [IN] corresponds to increasing wy by 1, and a killing
event for particle k£ € [IN] corresponds to decreasing wy, by 1. Formally, given x, w as above, for

¢ € [N] let

1
k=k(x,w,l) = argmax |z;— 7( w;T; + xg) (1.6)
JE[N]w;>0 N+1 1§§i§:N

and define weights g(z, w,?) = (g1,...,9N) by
9; = wj + gy — L=k -

Note that sz\il gi = N, so the pair z, g(x, w, £) again form an unambiguous configuration.

Given an unambiguous configuration x, w, any sequence l1, . . ., I, of elements of [N] induces
a sequence of weight vectors w® ™, ™) by letting particle ; branch at step ¢. Formally,
set w©® = w, and for 1 < i < mletw® = g(z, wl=b l;). Wesay Iy, ..., Ly is a valid sequence
for z,w if wl(jfl) > (0 forall 1 <4 < m,ie. if branching only occurs for particles with positive
weight.

Lemma 1.6. Given any unambiguous configuration ., w, there exists an integer m < (N —1)? and a sequence
liy... L € [N] which is valid for x,w such that w ™) contains exactly one non-zero entry.

We say that a sequence [, ..., [y as in Lemma collapses the (unambiguous) configuration
,w. The proof of Lemma [L.6, which is the key step in the proof of Harris recurrence, is found in
Section @, below.
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To prove Harris recurrence for ® = X — X, we now argue as follows. Step 1, we wait until the
first time ¢ that X (¢) is d-unambiguous (for some small fixed § > 0); by Lemma [L.5 and the strong
Markov property this takes a bounded amount of time. Step 2, we hope that in the time interval
[t,t + 1], (a) all particles stay within distance 0/4 of their time-¢ locations, and (b) a sequence of
branching events occurs which collapses the configuration X (¢), (1,1, ...,1). (The all-ones vector
represents the fact that at time ¢ there is one particle at each location.) If Step 2 succeeds, then
there is j € [N] such that in X (¢ + 1) all particles lie within distance §/4 of X;(t), so all entries of
® (¢ + 1) have distance at most ¢ from the origin.

By Lemma [L.6, there is at least one sequence consisting of at most (N — 1)? branching events
which collapses the configuration, from which it is not hard to see that Step 2(b) succeeds with
probability bounded away from zero uniformly over the possible values of X (¢). If Step 2 fails, we
start over from Step 1. The Markov property then guarantees that both steps will succeed after
a bounded number of trials. This means that from any initial configuration, ® will reach a state
where all particles are at bounded distance from the origin in bounded time. Combined with the
fact that between branching events, the process X behaves like IV independent Brownian motions,
this allows us to prove Harris recurrence by comparing the law of the process ® at a fixed time to
the joint law of N independent d-dimensional standard Gaussians. The full details of this argument
appear in Section B.3.

1.3. Related work

The BBB model may be seen as a close relative of the Brunet-Derrida particle systems [9, [L0]
and their multidimensional generalizations [[/]. A Brunet-Derrida particle system also consists of a
population of a fixed size N undergoing both branching and spatial displacement, with individual
trajectories taking values in R. The law of the system is determined by a fitness function s : R — R;
when a branching event occurs, particles of lowest fitness are removed from the system to keep
the population size constant. (The original papers on the subject [9, |L0] considered discrete-time
processes — branching random walks with selection, in which multiple branching events can occur
simultaneously. Much of the subsequent work in the area has focused on branching Brownian
motion, as in this paper.) The asymptotic displacements [3, |L3], evolution of empirical particle
densities 11|, 12], and typical genealogies [4] of such systems have all received attention in the
literature.

In [[7], Berestycki and Zhao consider branching Brownian motion with selection in RY, The
model is again specified by a fitness function, s : R? — R; a fixed number N of particles move
as independent Brownian motions which independently branch at rate 1. On a branching event,
a particle of minimal fitness is removed from the system. Berestycki and Zhao prove, among other
results, the following facts. When s(z) = |z|, the large-time limit the particle system asymptotically
travels at a constant speed, in a uniformly random direction, in a cloud of particles whose diameter
is O(1) in probability. When the fitness function is linear, s(x) = (z,v) for a fixed v € S41,
the cloud of particles travels asymptotically travels with constant speed in direction v. In this case
(under some conditions on the time-zero configuration of the particles), the diameter of the cloud
of particles in direction v is asymptotically O (log N) in probability, whereas for any w € S9! with
(v, w) = 0, the diameter of the cloud in direction w is at least O(log N)3/2 in probability.

We also mention some recent and forthcoming works on branching systems with selection, with
some similarity to ours.

e Berestycki, Brunet, Nolen and Penington [, 6] study a branching Brownian motion
((Xi(t))ien),t > 0) in R? with N particles, with a selection rule that can be specified
via the fitness function s(z) = —|z|; in other words, on a branching event the particle
farthest from the origin is removed. For such a model, [5, 6] proves results on the long-
time and large-particle behaviour of the empirical distribution of particles in the system,
by developing a connection with certain free-boundary problems. We discuss these works
further in the conclusion, Section J.
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e The works [[I, 2] consider binary branching Brownian motion (X;(t));en (1) in R? with a
variable number of particles, where the branching/death rate at position  at time ¢ has the

o p(z) =g </R fle— y)l/t(dy)> ;

here f,g : R — R are Borel functions, and v; = N (¢)~! Zﬁ(t) dx,(t) is the empirical
measure of the time-t particle distribution. When p;(x) is positive it is interpreted as a
branching rate; when this quantity is negative it is interpreted as a death rate. For certain
choices of the functions f and g, Beckman [|l]] proves hydrodynamic limit theorems for
such systems, showing that the evolution of the empirical density is governed by certain

integro-differential equations; other models of the same sort are considered in [2].

1.4. Outline of the paper

The rest of the paper is organized as follows. Theorem |1.1|is a consequence of Proposition |14 for
an appropriately defined sequence of times (7354 > 1). In Section [, we construct such a sequence
(7i;1 > 1) for the BBB process and state several key lemmas about these times, which we then use
to demonstrate they satisfy the hypotheses of Proposition [L.4. We conclude Section | with the proof
of Theorem [L.1]. In Section B, we prove the technical lemmas used in the construction of the times
in Section E, and also prove Harris Recurrence (Theorem ), which follows relatively easily from
one of these lemmas. Section [l contains concluding remarks and open questions. Finally, in the
Appendix (Section B, we present the proof of Proposition 4.

2. Construction of (7;;7 > 1) and the Proof of Theorem [l.1

Throughout this subsection, unless otherwise state, we assume that N > 3. The first portion of
this section is devoted to the construction of (7;;4 > 1), and to introducing two technical lemmas
which motivate the construction. We thereafter show that (7;;7 > 1) satisfies properties (1)-(5) of
Proposition [L.4. We conclude with the proof of Theorem [L.1].

In fact, we will focus on constructing a sequence of regeneration times (p;;¢ > 1) for which the
law of the BBB process has an explicit and fairly simple form (and, after recentering, is the same for
all i > 1). We will then define (7;;¢ > 1) from these (p;;7 > 1) (by letting 7; := p; — 1), for which
we will be able to verify properties (1)-(5) of Proposition [L.4.

2.1. Construction of (p;;i > 1) and some key ideas
For I C N, given a collection 2 = (z;)sc7 of vectors in R?, the extent of  is defined to be

E(z) := sup |zj — x|
i,75€l
For t > 0, we define an event A;, measurable with respect to o(X (s),t < s < t + 1), as follows.
Write G :1: {2,...,[FH]}and D’ = {[&H] +1,..., N}, and note that |G'| > |D’|. Let

TN = QNED) The event A; occurs if and only if the following events all take place.

(A1) There are no branching events in the time interval [t,t + 1].

(At2) Xj(t+1)—X(t) € B(—5e1,ry)forallj € G';and X;(t+1)— X (t) € B (5e1,7n)
forall j € D’.

(Ars) Xi(t+1) = X(t) € B(v,rn), where

1 5 N -1 e N -1 0 N odd,
= — _— e =
" N -1 2 2 ! —%61 N even.

is roughly the position of the time-(¢+1) barycenter (reshifted by X (#)) of the particles

in G’ U D' along the direction of the standard unit vector e; = (1,0, ---,0)7.
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In words, Ay = Ay 1N A; 2N A 3is the event that during the time interval [t, £+1], no branchings
occur and no single trajectory makes a large displacement; particle X1 moves to a position close
to the time-(¢ + 1) barycenter; and the remaining particles cluster into two roughly equal groups,
both with small extent and both reasonably far from the barycenter and from each other. The shift
by X (t) is simply an adjustment to make the event easier to describe (by ensuring that the starting
particle configuration has barycenter located at 0). Moreover, the three clusters of particles with
indices in G’, D', and {1} are approximately collinear.

Next, for t > 0, we define an event By, measurable with respect to (X (s),t+1 < s <t +2),
as follows. The event B; occurs if and only if the following events both take place.

(Bt,1) Inthe time interval [t+1, ¢4 2], particle X7 and its descendants branch atleast N — 1
times and no other particle branches.

(Bt2) Every particle remains at distance less than or equal to 7y from the location of its
time-(t 4 1) ancestor from time ¢ + 1 to time ¢ + 2 or the time of its death, whichever
comes first.

Although the event B; only requires certain branching events to occur and minimal movement of
the particles, we now show that the event A; N By forces all particles besides X1 and its descendants
to be killed in the time interval [t + 1,¢ 4 2].

We introduce S, the set of all possible configurations x €
G,C and D with C # () and GU C' U D = [N] with

(a) z; € B(y,2ry) for all i € C, where 7y was defined by ([Az3).

(b) T € B(—5€1, 27“]\]) forall j € G, and T € B(561, 27’]\7) forall j € D.

(© |GuC|>[¥A]+1and [ DUC| > [85E] + 1.
Conditioned on the event A; N By, we note that X (s) — X(t) € Sforall s € [t + 1,t + 2].
Therefore, to determine which particles of X get killed in time [t + 1, ¢ + 2], it suffices to show that
for all configurations belonging to S, a branching event in C' implies that, under the same killing

rules as BBB (namely that the particle farthest away from the barycenter is killed), the killing event
occurs in G U D.

RN such that there exist disjoint sets

B(—5e1,2ry) B(v,2ry) B(5e1,2ry)

Figure 1. Example of particle configuration z = (z;);cn) in S with C' = {1}
which could arise just after event A has occurred. The particles in the ball on the
left are (x;);cq, and those in the ball on the right are (x;);cp.

Lemma 2.1. For any configuration x € S, a branching event in C' implies that the killed particle belongs to
GUD.

Proof Suppose first that G, D # () and that the particle with index £ € C branches. Let 77!
denote the barycenter of the system with IV 4 1 particles (before a killing event occurs). Then
T lies in the convex hull of the particles {25} je(n] U {z¢}. Since the clusters of particles G, C,
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and D are roughly collinear with C'located in between G and D, it follows that the resulting killing
occurs in either G or D.

We may therefore assume without loss of generality that D = (), |C| > L%J +1,and |G| <
[%1 . Upon a branching event in C', we observe that for the system with N + 1 particles (before
a killing occurs), |C| > |G|. A small computation then shows that ZF(N+1)

{y ERY:y.e1 > L—QTN},Where

1 N-1 N-1 —382 N >3odd
el () - i e
The point teq roughly corresponds to the barycenter of the (N + 1) system of particles after a

branching event in C. Using now that for all i € G, z; € B(—5e1,2ry) and for all j € C,

xj € B(v,2ry), still with ry = m, we see that

lies in the halfspace

min |z; — 2N Y| > max |z; — N+
1eG’ jec’
Therefore the particle being killed must belong to G.
g
Remark 2.2. Conditioned on Ay N By, since X (s) — X (t) € S forall s € [t + 1,t + 2], it follows
by Lemma 2.1 that all particles with indices in G L) D to die, so at time t + 2 all particles are descendants of
X1 (t 4 1). The resulting particle configuration looks like the one shown in Figure

Remark 2.3. The proof of Lemma 2.1 can be seen as a simple case of using “deterministic configurations” to
deduce which killing events occur, when the particles are allowed very limited movement. A more complex formulation

of similar ideas appears in the proof of Lemma .3,

B(—5e1,2ry) B(y,2ry) B(5e1,2ry)

Figure 2. Example of a time-(t +2) configuration after A; N By has occurred. The
crossed-out particles indicate that when A; N By occurs, at time ¢ + 2, the particles
in (X;(t + 1)ieqrup) live in B(, 2ry) (by Lemma R.1)). The blue triangle is the
location of X (t+2)—X (t), and the black square is the location of X (t+2)— X (t).

Observe that the events A; and By are invariant under translations in R¢. Namely, A; and B,
occur for X = (X;);e[n] if and only if they occur for X + g := (X; 4 y);e[n] for every y € R
For any L > 0, define
Cp = {x e R™N . E(z) < L},
the set of deterministic N-particle configurations (;);e () with extent at most L. Denote A := Ay
and B := By. It turns out that as long as we start from configurations of bounded extent, there is
a uniformly positive probability that A N B occurs.

Lemma 2.4. Forall L > 0, there exists € = e, n > 0 such that

inf P,(ANB) >e.
zeCy,
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Since the lower bound in Lemma .4 depends on L, we will want to show that regardless of the
extent of the starting configuration, the BBB reaches a state with extent L in finite time. This is a
consequence of the next lemma.

Lemma 2.5. For T"") := inf{t > 0: E(X(t)) < L}, we have
lim sup P, (T(L) > L) = 0.

L—00 pcpdxN
Remark 2.6. (i) Lemma Q.3 holds for all N > 1. The cases N = 1,2 are trivial, and the case N > 3
will be proved in Section 3.5,
(i) It is a direct consequence of Lemma 2.3 that T, the time to reach a configuration with extent at most L,
has exponential tails. Indeed, it suffices to choose L > 0 such that sup,craxn Py (T") > L) < %
and then apply the Markov property.

We will see that Lemma P.3 implies Harris recurrence (Theorem [1.3). Equipped with Lemmas
P.4 and .5, we can now construct the stopping times (p;;3 > 1) as follows. Fix L as in Remark 2.6
(i) and set Ty == inf{t > 1: E(X(t)) < L}. For each i > 1, recursively define the stopping times

Tiy1 =inf{t >T,+2: E(X(t)) <L}, i>1, (2.1)

and let
I :=inf{i > 1: A, N By, occurs}.
By Remark .6 (i), and the strong Markov property, T; < oo almost surely for each 7 > 1. By
the strong Markov property and Lemma @, A7, N Br, has positive probability uniformly over
all possible initial configurations for each ¢ > 1. In particular, an application of the second Borel-
Cantelli lemma implies that I1 < oo Pg-almost surely. Thus, we can define 7y = T, + 1 and
p1 = T1, + 2; both 71 and p; are Pg-a.s. finite. By construction, we observe that at time pj, the
events AT11 and Br, have occurred (as depicted in Figure ), and at time p; — 2, the particles had
extent at most L.
Next, for each integer [ > 1, inductively set

I =inf{i > I;_y : A7, N By, occurs},
and let
7 :="1T5_,+1, and (2.2)
pr="1Ty , +2.
At time 77, the event ATzl has just occurred, and the event BTIl is about to occur; by time p; the
event By, has also occurred. Note that both (7i;¢ > 1) and (p;;¢ > 1) are strictly increasing

sequences, and that (p;;7 > 1) are stopping times with respect to the natural filtration of X. We
now have the following key lemma, which guarantees that the times (7;;7 > 1) satisfy the hypotheses

of Proposition [L4.

Lemma 2.7. Assume N > 3. Let (7335 > 1) be defined as above. Then for any © € R¥>*N, under P, X
and (7334 > 1) satisfy the hypotheses of Proposition [I.4,

To prove Lemma R.7, we must verify properties (1)-(5) of Proposition 1.4, Lemma P.7 follows
immediately the results of the next two subsections. Specifically, Corollary .9, Proposition
and Proposition establish properties (1)-(3), property (4), and property (5) from the hypotheses
of Proposition [L4, respectively.

2.2. The regeneration structure

The goal of this section is to show that, when considered on time intervals of the form [Ty, Tim+1],
the BBB process has an essentially IID structure. The key to revealing this structure is to only focus
on descendants of particles of X1 (73, ). Ignoring other particles creates some indexing issues, which
have to be managed in order to avoid creating subtle dependencies. However, the gist of the story



12 LOUIGI ADDARIO-BERRY, JESSICA LIN, AND THOMAS TENDRON

is that the events A, _1 and B;,, 1 together ensure that the descendants of particle 1 take over
the population on the time interval [Ty, T, + 1]; this is what yields the IID structure.

Fix any m > 1, write 0,,(1) = 1, and for 2 < i < N let 0,,,(¢) be the index of the (i — 1)’st
particle to be killed in the time interval [7,,, Ty, + 1]. Because the event A, _1 N B, _1 occurs,
all particles aside from X die during this time interval (Remark P.9), so (0,,(7),1 <4 < N)isa
permutation of [N].

Next, for s > 0, let Ny, (s) be the number of living time-(7,,, + s) descendants of X (7y,),
including X1 (73, + s) itself. The event B, 1 = Br, ensures that Ny, (s) > 1for s > 0 and that
Npn(1) = N, so the descendants of X (7,,) have taken over the population by time 7, + 1 = pp,.
It follows that that N,,,(s) = N forall s > 1.

Now write X (™) (s) = (Xj(m)(s))je[]vm(s)] for the locations of time-(7,, + s) descendants of

X1(7m), listed in order of their birth times; formally, Xj(m) (8) = Xo,,,(j)(Tm +5). This means that
forall s > 0,

(ngm)(s) - X (O))jE[Nm(s)] = (Xon () (Tm + 5) - Xl(Tm))je[Nm(s)] :

Write X(™) = ((Xj(m)(s) fom)(O))je[Nm(s)},O < 5 < Tyi1—Tm). The process X(™) describes
the locations of descendants of X1 (7,,) relative to that of X1(7,,), between time 7, and 7, 4+1.
Finally, recall from Section that we allow for the BBB process to be started from a configu-
ration with fewer than N particles, and in this case we write N (t) for the number of particles alive
at time . It is useful for the next proposition to introduce the notation X := (X’ (t),t > 0) with
X(t) = (Xi(t))z‘e[N(t)}7 for a BBB process started from a single particle at 0 € R%. We then write

F for the event that Supg< ;<1 Max;<;<n() | Xi(s)| < rx and that N(1) = N.

Proposition 2.8. The processes (X(m); m > 1) are iid, and their common distribution is the conditional

distribution of (X (t),0 < t < 71) given .

Proof The main subtlety to the proof is that the events A, _1 N B, _1 contain some information
about the process on the time interval [Ty, pm] = [Tm, Tm + 1], and the effect of this on the law
must be understood. Introduce the filtration (H¢, ¢ > 0) defined by

Hi =0 ((X(s),O <s<t),(Lapnp,,0<Ti <t— 1)) .

For any m > 1, by definition, 7,,, < ¢ if and only if p,,, <t + 1, which in turn occurs if and only if
17, <t—1and ATIm N BTIm occurs. It follows that 7, 1s an H;-stopping time for all m > 1.

The event A, 1 is 0(X(s),0 < s < 7,)-measurable. The event B;,,_11 D B;, —1 en-
forces that X (7;,) and its descendants branch at least N — 1 times in the time interval [T, Ty+1]-
Lemma and Remark P.9 together show that when A, and B, _; both occur, each such
branching event increases the number of living descendants of X (7;,) until those descendants oc-
cupy the full population. In particular, at time 7, + 1 = T7,, + 2, all individuals are descendants
of X1(7m), and so N,,(1) = N.

Moreover, the only constraint on the motion of particles during the time interval [Ty, T 41] is

Tm

imposed by the event B, _1 2 D By, _1; this event precisely requires that |X](m) (s)| = ]X](m) (s)—
Xfm)(())] <ryforal0<s<landallj € [Ny,(s)]

The preceding paragraphs show that (X (m) (s),0 < s < 1) is distributed as a BBB process run
for time 1, started from a single particle at 0 € R%, and conditioned on the event F' defined in the
proposition statement. To understand the law of the whole process X(™) = (X(™)(5),0 < s <
Tm+1 — Tm ), recall that the event A;, 1 N B;, _1 is measurable with respect to F, 11 = ‘FTIm +2.
It follows that the process

(X" (5) = X1 (0))jet 5 2 0)

is distributed as a BBB started from a single particle at 0 € R? and conditioned on the event F.
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The last thing to check is that 7,41 — T, indeed has the correct law. Since 7, = 17, + 1,
necessarily 7,41 > 171,41 > 171, +2 = 75y + 1. Our approach is thus to first understand the law
of T7, 41, so that we can think of the time interval [Ty, Tin+1] as [Tm, 11, +1] U [TT7,,41, Tm+1]- By
definition, 77,1 > 17, + 2 = 7, + 1; thus

Ty, 11 — T = inf{t > 1: BE(X™(t)) < L}.
Since
Ty = inf{t >1: B(X(t)) < L},

it follows that the law of 17, 11 — 7y, is precisely the conditional law of 7T} in a BBB started
from a single particle at 0 € R¢ given that the event F' occurs. The fact that 7,41 — T, and

XM (s) — XM (o)), N1, 8 = 0) have the correct joint distribution now follows by the stron
J 1 JE[N] J y g
Markov property applied at time 17,41 together with the definition of 7, 1. H

Corollary 2.9. For any x € RN under P, the BBB process and the stopping times (75,1 > 1) salisfy
conditions (1), (2) and (3) of Proposition [I.4

Proof The differences (41 — T, m > 1) are the total lifetimes of the processes (X(™):m > 1);
since these processes are I1D, so are the differences (7y,+1 — Tm, m > 1). This verifies property (1).

Next, writing X§m) = (Xfm)(s), 0 < 5 < Tynt1 — Tm) for the projection of X(™) on its first
coordinate, then the processes (Xgm), m > 1) are also IID. By definition,
X" (5) = Ko (T ) = X1(7n) = Xi (1 + 8) = X1 (7).
the second inequality since 0,,,(1) = 1 for all m > 1. It follows that the processes
(Xl(Tm + S) - Xl(Tm)7O S S S Tm+1 — Tm)

are IID for m > 1; properties (2) and (3) of the proposition are immediate. U

2.3. Finite variance of the increments

In this section, we prove property (4) in Proposition [[.4. We first establish that the regeneration
increments have exponential tails. Recall that p; := 71 + 1.

Lemma 2.10. There exists b = by, Ny > 1 such that

sup E.[b7] < oco.
$ERdXN

Progf Fix any initial configuration x € R¥¥, TFor any b > 1, using the change of variables
r = logy(s), we may write

E.[b"] = /000 P.(p1 > logy(s))ds

= In(b) < / 1 0P, (py > r)dr + / TP (o > r)dr) .

—00 1

The first integral is bounded from above by In(b) fi

Lemma R.3, there exists L > 1 such that
inf P,(T") <L)>1/2 2.3)

zERIXN

« b"dr which is finite for any b > 1. By

Moreover, we claim Lemma R.4 implies the existence of a constant ¢ = ¢ r,N > 0 such that for all
t>L+2,

inf Pu(p <t|TW <L)>ec. (2.4)

TERIXN
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Indeed, since TX) = T, we obtain that for all ¢t > L + 2, for any x € RIXN
P.(p1 <t|Ty < L) = Eg[ly,, <y |T1 < L]
Po(Ti < L) ' Ea[lyy, <n1{ni <]
= P,( T Eo[Ee 1y, <y | Fr ] lir<1y]
P.( g, [Px(ry(p1 <t —T1)l{r<py] (strong Markov prop.)
E:[Pxr)(pn <t —T)T1 < L]

Denote ¢ :==¢/2 € (0,1). By ) and @), forany t > L 4 2 and any 2 € R¥*V,
P.(p1 <t)>Pu(p <t, T <L)
> Po(p < tTH) < L)P (TP < L)
> c,
whence for each x € RNV,
P.(pp>t)<1-¢.
It follows by the strong Markov property and time-homogeneity that
[t/(L+2)]
P.pr>t) < [] Palpr > k(L +2)lp1 > (k—1)(L+2)
k=1
[t/(L+2)]-1
< ( sup P.(p1 > L—|—2)>

xeRde

for all z € RN, Thus,

/ V'P(p1 > r)dr < / b1 — )/ EFDI= gy
1 1

The integral is finite provided we choose b > 1 such that b(1 — ¢/)1/(E+2) < 1. Since ¢ € (0,1),
this is possible. O

Note that, taking pg = 0, the lemma implies that

sup Ex[bPiJrl*Pi] < 00
zeRIXN

for any ¢ > 0, since we may write by the tower law and the strong Markov property

E, [bmﬂim] =E,; [E:v [bpiﬂipi"’rpi]] =E; [EX(pi)[bplipo]] =E, [EX( [bplﬂ

and Lemma implies that the inner conditional expectation is deterministically bounded by
some C' < 00. Also observe that ;41 — 7; = p;j+1 — p; foreach ¢ > 1 and 7 < pq, so Lemma
yields

pi)

sup E.[b7+1 7] < 0. (2.5)

z€RIXN

for all ¢ > 0, where we have defined 79 = 0. This last fact will be used in the proof of property (4)
of Proposition [L4 for the BBB process (Proposition R.11)).

Proposition 2.11. Forany x € RN under P, the BBB process and the stopping times (73,1 > 1) satisfy
condition (4) of Proposition [I.4,
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Progf The condition asserts that

Ei[ sup |X1(t)—X1(7'1)]2 < 00.
71 <t<T2

We bound the supremum as follows. Recall that p; = 71 + 1, and write

sup [ X1 (1) = Xi(r)]? = max (_sup [X1(t) = Xa(r)2, sup |Xu(t) = Xa(r)P)

T1<t<T2 T1<t<p1 p1<t<To
S sup ’Xl(t)—Xl(Tl)‘Q-i- sup ’Xl(t)—Xl(Tl)‘Q.
T1<t<p1 p1<t<72
<ry+ sup |[Xi(t) - Xi(m))?,
p1<t<m2

the last inequality since by definition, | X1 (t) — X1(m1)| < rn fort < 714+ 1 = p1. So to prove the
lemma it suffices to show that

E;
p1<t<T2

sup |X1(t) — X1(7'1)|2] < 00.
We further decompose this supremum by writing

sup |X1(75)—X1(71)|2§4<7“N+ sup |X1(t)—X1(Tl)\2>,

p1<t<T2 p1<t<T2

where we have used the inequality (@ — b)? < 4(a — ¢)? + 4(c — b)? and the fact that | X1 (p1) —
X1(m1)| < rn. It thus suffices to prove that

E,

p1<t<T2

sup | X1(t) — X1(71)|2] < 0.

Now write 7 for the law of X (71 + 1) — X1 (71). Precisely, if X is the BBB process started from
a single particle at 0 € R, then 7 is the conditional law of X1 (1) given that N(1) = N and that
sup max |X;(t)] <rn.
0<t<1 1<i<N(t)
Recall that 71 — 1 = 17, 1s the time at which ATI1 N B’TI1 occurs. By definition, AT11 N BTI1 is
Fp-measurable, since p1 = 71 + 1 = T, + 2. It follows by the strong Markov property that

E, | sup |Xi(t) —X1(71)|2

p1<t<mo

—B. | s 1300 - 1) |
0<t<m

and we must show the final expectation is finite. To do so, make use of the first construction of

the BBB process given in Section . In other words, we view X as constructed from N indepen-

dent Brownian motions (B;,7 € [N]) with the aid of a Poisson counting process J which gives

the branching times, and of a sequence (U;;4 > 1) of random variables which determines which

particle branches at each branching time. An immediate consequence of this construction is that

sup max | X;(t) — X;(0)| < J,, sup max |B;(s), 96
0§t§pnje[N}| i®) ol 10§S£lee[N]\ i (s)] (2.6)

so it suffices to prove that

E, [‘7721 sup max ]Bj(s)]ﬂ < 00;
0<s<r JEN]
establishing this bound occupies the remainder of the proof.
By the Cauchy-Schwarz inequality, we have
1/2

E. |J? sup max\Bj(s)P] <Eﬂ[j;“1]1/2Eﬂ[ sup max |B;(s)[* 2.7)
0<s<r1 JE[N] 0<s<t JE[N]
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Moreover, since t — J; is almost-surely nondecreasing

7 [Tn] =B | D Tn Linepr 2

p=0
Z [T Ly, eor 2v+1]} ]
p—0
12p p1/2
< ZE (Tapir] /" P (1 > 2P) 2 2.8)
p=0

By Markov’s inequality and (£.9), there exist constants b > 1 and K > 0 such that
P.(r >2°) < Kb ?%. (2.9)

A standard computation of higher moments of Poisson random variables yields
j2p+1 ZN’QZ p+1) { } = O(N828(p+1)),

where {Z} denotes a Stirling number of the second kind. Continuing from (£.9), we obtain

[e.e]
[T < KVANAS 0@ ) < o, (2,10
p=0

To bound the second factor in (2.7), we note that

E; | sup max |B;(s ] ZE [5up max | B;(s )\411{716[2p,2p+1}}]

0sszm e 0<s<7y 1€[N]
o0
<2_E sup max|B;(s)[*1 »
p=0 " 0<s<2r+1 1E[N]| ( )| {m €l2r,2rt1]}

1/2

P.(n>2)2E, | sup max|B(s)®

0<s<2p+1 €E[N]

M

2.11)

i~
I
o

Observe that

maX\B( )|® < d* max max |B;;(s) %,
i€[N] i€[N] j€ld]

and that

<maxmax|Bw( )t > O>
i€[N] j€ld]

is a submartingale. So Doob’s L inequality and IID-ness of the one-dimensional Brownian motions
Bij imply that

8 8
E, 1Bl <at <> E, [maxmaX|Bij(2p+1)|8

sup max |B;(s) 7 i€[N] jeld]

0<s<2p+1 i€E[N]

8
<d°N <§> E; [|Bu(2"*h)[°]

= dPNO(24P+D), (2.12)



BARYCENTRIC BROWNIAN BEES 17

where we have used that E; [|B11(2°71)[®] = O (24(p+1)). Combining £.11)), .19 and (2.9), we

conclude that

E, | sup max|B;(s 4] < KYV!PNS 527 020ty < 0.
Oﬁsgﬁ iE[N}| (s)] ;;0 ( )

as required. [

2.4. Barycenter approximation in probability

In this section, we show that property (5) of Proposition holds for the BBB process. We
will make frequent use of the following fact on the convergence in probability of certain random
variables.

Fact 2.12. Let (kp,)m>1 be a sequence of nonnegative integer valued random variables with the property that there
exists a constant K > 0 such that m ™ ky, — K in probability as m — oo. Suppose that (Z;);>1 are identically
distributed nonnegative random variables with E [212] < 00. Then, as m — 00

m™ Y2 max Z; — 0 (2.13)

1<i<km
n probability.

Proof Since Z; € L?*(P), it is P-almost surely finite. Hence, by Chebyshev’s inequality and the
dominated convergence theorem, we obtain

. -1/2 . -2 72 _
lim mP(m 127, >€) < Jim E[e72271,,-1727,5.] = 0 (2.14)
We have
P (m_1/2 max JZ; > 6)
1<i<km
<P <m_1/2 max Z; > e‘k‘m < e_1m> +P (k:m > e_lm) . (2.15)
1<i<e=lm
For all € > 0 small enough that €' > &, since ki, "X km P-as. by assumption, it follows that
lim P (kn, > ¢ 'm) =0. (2.16)
m—0o0

Moreover, since the Z; are identically distributed, a union bound and ([£.14) give

P (m_1/2 max Z; > E‘km < e_1m> <e'mP(mT2Z > ) B0, (2.17)
1<i<eim
Coombining (2:13), £:16) and [£:17) establishes 2.13). =

For each m > 71, let k[m| denote the unique natural number such that Tkim] < M < Tg[m]+15
and for m < 71 let k[m] = 0. By Corollary .9, the increments (741 — 75, k > 1) are IID; since
Tk+1 — Tk = Pk+1 — Pk, by Lemma these increments have some positive finite expected value
€ (0,00). The law of large numbers then implies that 74, /k 3 k as k — oo, from which it
follows easily that m~'k[m] 2% 1/k as m — oo.

Proposition 2.13. Fix any x € RN, Asm — 00, we have
m~ Y2 sup |X(t) — X1(t)] = 0 (2.18)
0<t<m

in probability with respect to P .

Proof Since 71 < 0o almost surely with respect to P, by Lemma P.10), it suffices to prove that as
m — 00
m~Y2 sup | X(t) — X1(t)] = 0

71 <t<m
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in probability with respect to P. For all ¢ > 0, we have

[X(t) — X1 (1)] < foax |1 X;5(t) — Xa(2)].

Therefore
sup |X(t) — X1(¢)] < max_ sup max |X;(s) — X1(s)|.
T <t<m i€[k[m]] r;<s<r; ;1 JE[N]
At time 7; = T7, + 1, the event A7, has just occurred, which implies that maxeny [X;(7) —
X1(r)| <5+27Y(N +1)"! +5(N — 1)~! < 11. Moreover, the event Br,. is about to occur,
which means that for all times s € [, p;] = [7, 7 + 1], every particle has distance at most
rN = m from the location of some time-7; particle. Therefore,

sup max |X;(s) — Xi(s)| < 12.
m;<s<p; JE[N]

Writing

Z; = max (12, sup max |X;(s) — Xl(s)\>

pi<s<t;41 JEN]
for ¢ > 1, it follows that

sup | X(t) — X1(t)] € max_ Z;.
T <t<m i€lk[m]]
To obtain (2.18), it thus suffices to verify the conditions of Fact for (Z;)i>1. Under Py, the
random variables sup,, < ;<. , max;en] | X;(s)—X1(s)|) are identically distributed for i € [k[m]]
by Proposition R.d, from which it is immediate that (Z;);>1 are identically distributed. Tt only
remains to show that Z; € L?(P,). For this, observe that

Xi(s) — X1(s)|?
Jr,relgg]! j(s) — X1(s)]
<4 X.(s)— X; 244 Xi(11) — X1(s)]?
< ]nel[%i]l i(8) = Xj(m)|” + ;g[%\ j(11) — X1(s)|
< 4max | X;(s) — X;(1)|* 4+ 16 max | X;(r1) — X1(r1)|* + 16/ X1 (1) — X1(s)|
jEIN] jEIN]
< 20 max |Xj(s) — Xj(ﬁ)\2 + 16 max |Xj(7'1) — X1(7'1)|2
JEIN] JEIN]

< 20 max |X;(s) — X;(1)[* + 1600
J€EIN]

where in the last inequality, we have used that max e ny | X (1) —X1(71)[* < 10 by the definitions
of events (A 4) and (A¢q). Taking the supremum over s € [p1, 72] and taking expectations, we infer
that

E.[Z}] <144 + 20E, | sup max |X;(s) — X;(m1)[*| + 1600

p1<s<7s JE[N]

By the strong Markov property and (2.6), we obtain

E sup max | Xi(s) — X;(m)|?
@ p1§s§72j€[N1| i(s) = Xj(m)|

=E; | sup max |X;(s) — X,;(0 2]
5 X5(5) — X5(0)

<E,|J? sup max |B;(s 2},
W[ o OSSSleG[N]’ ]( )|

which is finite, as seen in the proof of Proposition R.11. This proves that Z; € L?(P,); and
establishes the convergence in ) g
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2.5. Proof of Theorem [L.]

Set Ay := Xj(m2) — X1(71), and denote by v the law of A under P; it is a Borel probability
measure on R? defined by

v(B) = Py(AT(B)) = Pr(Xi1(m1) — X1(0) € B);

the second equality holds by Proposition P.§ and makes it clear that the measure v does not depend
on the initial configuration 2 € RN The rotational invariance of Brownian motion immediately
implies the following lemma (whose proof we omit).

Lemma 2.14. The measure v is invariant under the action of the group O(d, R) of d-by-d orthogonal matrices
with entries in R.

We are now ready to prove Theorem [L.1].

Proof of Theorem [I_1, Fix x € RN, We work on the probability space (€2, F, P;). When N = 1,
the process X consists of a single Brownian motion so the theorem holds with o(d,1) = 1 and no
drift term.

Next suppose that N = 2. In this case, the first construction of the BBB process given in
Section simplifies as follows. Let ((;;¢ > 1) be the jump times for a counting process J =
(Jt,t > 0) for a Poisson point process on [0, 00) with rate 2 and define (5 = 0. We denote by
X1 = (X1(t),t > 0) and B = (B(t),t > 0) two d-dimensional Brownian motions started from
z1 € R?and 0 € RY, respectively. Define a process Xo = (Xa(t),t > 0) by X2(0) = 22 € RY,
and inductively for each 7 > 0 by

Xo(t) = X1(G) + B(t) — B(G), t € [Gi, Givn)-
Thus, when N = 2, the BBB process X = (X1, X3) consists of a Brownian motion X; to which we

attach branches Xy that can only grow between consecutive branching times. For s > 0, let k[s]
be the unique positive integer such that (y5) < 8 < (g[5)4+1- By the triangle inequality, we have

X(tm) Xl(tm)‘

su
ogtgl vm vm
XQ (tm) X1 (tm) ‘
= sup -
0<t<1 2\/5 2\/%
X X m X X m
< sup a(tm)  Xo(Cupe })'Jr sup 1(tm) X1 (Crfmy)
0<t<1 Qm 2\/% 0<t<1 2\/% 2\/%
< max sup [X2(s) = X5(G)l + max sup \X1(8)—X1(Q)\.
0<i<k[m] se[¢; ¢iy1] 2ym 0<i<k[m] se[¢; ¢iy1] 2y/m

We claim that the last expression converges to 0 in probability. Since {2 — (1 has exponential tails,
and for each j € {1,2},
(Xj(s) = X;j(C1), s € [C1, Gal)
is a Brownian motion, we infer that
sup | X;(s) — X;(G1)| € L*(Py).
s€[C1,C2]

Therefore, Fact implies the convergence to 0 in probability. Since the initial value of X is sent
to 0 when m — 00, we conclude that X satisfies an invariance principle with o(d,2) = 1.

Suppose now that N > 3. By Lemma .7 and Proposition the barycenter X satisfies an
invariance principle, i.e. there exists a non-zero d-by-d matrix ¥ = %(d, N) such that (1.3) holds.
We next show that the drift term in the invariance principle is zero for any d > 1 and N > 3.
By Proposition [L4, the drift is @ = E,[A1|E.[r2 — 71]~!. Moreover, we note that property
(4) in Proposition 4, combined with the Cauchy-Schwarz inequality, immediately implies that
A; = X1(1i41) — X1(7;) € LY(Py), for each i > 1. In particular, E;[A1] < co. The rotational
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invariance from Lemma then immediately implies that E;[A] = 0, and hence o = 0. Finally,
since for any m > 0, the process (m~1/2X (tm),0 < ¢ < 1) is rotationally invariant, then the
limit process (XB(t),0 < ¢ < 1) is also rotationally invariant. Coonsidering rotations of the form
(x,y) — (—y, z) applied to all pairs of coordinates, rotational invariance implies that (X B(t),0 <
t < 1) has uncorrelated and identically distributed coordinates. Since (XB(t),0 <t < 1)isa

Gaussian process, this implies its coordinates are in fact IID, and thus X(d, N) = o(d, N)I4 for
some o(d, N) > 0. O

3. Proofs of Technical Ingredients

In this section, we include the proofs of Lemma P.4, Lemma .5, and Theorem [1.3. Recall from
Section R.1] that Cf, = {x € RN : E(x) < L} is the set of configurations with extent at most L.

3.1. Two events with positive probability

We begin by proving that the events A and B defined by (Az1)-(A:z4) and (Btl),([Bt.d) have
positive probability.

Lemma 3.1. Let A = Ay = Ao N Ao N Aoz be defined by (A 1)-(Aed) witht = 0. There exists
e =e€r N > 0 such that

inf Py(A) >e.
zeCp,

Proof. First, note that the event A can be rewritten for the process X (instead of X — X(0)) by
assuming that X (0) = 0. Hence, it is enough to show that there exists € = €7, y > 0 such that

inf{P,(A):z € Cpr,z =0} > e
Fix any x € Cr, with T = 0. We write A as
A=A NE1NEyN E3,
where the events E; are defined as follows, using the same notation as in (A )-(A%4). Define
Ey ={X,(1) € B(—be1,7n),Vj € G'y},
Ey = {X,(1) € B(5e1,rn),Vj € D'},
and
Bz :={X1(1) € B(v,7n)},
1

where as before ry 1= v € (0, 1), and we recall that -y is roughly the location of the barycenter

of G' U D'. We then have
PI(A) = PI(El NEsN E3’A071)P1(A071)

3 k—1
=[] P: | Bxl4on, () Ej | Pal(Aoy).
k=1 Jj=1

Since we start from a deterministic configuration z, and conditioning on A 1 means there are no
branching events between times 0 and 1, the positions of the particles at time 1 are independent
given Ag 1. Therefore we can bound each term in the last product as follows: writing N (x, I) for
a d-dimensional Gaussian centered at x,

|G|
Pm(E1|A071) > (HEHCI:?}P (N(l’j,[d) S B(—5€1,T‘N))) ,
J

jeD’!
Px(E3|A071,E1 N Eg) >P (N(xl,fd) S B(’}/,TN)) ,

|D’|
P, (E3|Ap 1, E1) > (minP (N(zj, 1q) € B(5€1,TN))> ,
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and P, (Ap1) = e, Taking the infimum over admissible configurations z € C7, satisfying T = 0,
we obtain

inf{P,(A):z € Cp,T =0}

> e N inf
zeCr,z=0

|
(minP (N (zj, Iq) € B(—5€1,TN))> X

jEG!

N71~|
2

[
X (minP (N(.%'j,[d) € B(5€1, T'N))) P (N(.I‘l,fd) S B(’}/,’I”N))]

jeD’!
= €L,N > 0. O
Lemma 3.2. Let B = By = Bo1 N By be defined by (B 1),([B.3). There exists € = e, n > 0 such

that

inf P,(B|A) > .
zeCp,

Proof. Let 8’ C S be the set of possible values of X at time 1, given that A occurred. Namely,
z € § if and only if

<a> C: {1}’G:{2? , [%]},andD:{[%] +17 7]\]r}’

(b) z1 € B(7,rN),

(c) ; € B(—=bey,rn) forall j € G, and z; € B(5e1,7n) forall j € D.

In particular, we have that G = G’ and D = D’. By the Markov property and ([Az{)-(Azd), we

have

inf P,(B|A) > inf P,(B), 3.1
nf Pu(B|A) > inf Po(B) (3.1)

where B = By N By is the event B “taking place in the time interval [0, 1]” (rather than [1, 2]).
We can decompose B as the intersection of the following five events:

U = m {X; doesn’t branch from time 0 until time 1 or until it is killed, whichever comes first} C B@J,
jEG'UD!

Uy :={FEach particle in G’ stays in B(—bey, 2rx) from time 0 until time 1 or until it is killed,
whichever comes first} C Bo,g,

Us :={FEach particle in D’ stays in B(5e1, 2ry) from time 0 until time 1 or until it is killed,
whichever comes first} C Bo,g,

U, :=={The descendants of X stay in B(y, 2ry) for all times in [0, 1]} C By,

Us :=={X and its descendants branch at least N — 1 times in [0, 1]} C By ;.

Observe that for any z € S’, we have
5
P, (B) = [ [ Pu(Ukl N2} U)). (3.2)
k=1

We bound each factor in @) individually as follows. We have
P, (U;) > P,(aparticle doesn’t branch in [0,1])V 7! = ¢~ (V=1

i

Given Uy, the particles in G’ are independent until time 1 or until they are killed, whichever comes
first. Therefore, if B = (B(s),s > 0) denotes a d-dimensional Brownian motion, then we have

P,(Ua|Ur) > min P(B(s) € B(~be1,2rn), Vs € [0,1]|B(0) = z;)N.
JEG
Similarly, we have

P, (Us|Us NUy) > mgl P(B(s) € B(5e1,2ry),Vs € [0,1]|B(0) = xj)N.
jep’
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Event Uy contains the event that particle X does not branch in [0, 1], and that its trajectory stays in
B(,2ry) for all times in [0, 1]. Thus, if B = (B(s),s > 0) is a d-dimensional Brownian motion,
we have

P, (Us|UL NU;NU3) > e 'P(B(s) € B(v,2ry),Vs € [0,1]|B(0) = z1).

Event Us contains the event that particle X branches N — 1 times in the time interval [0,1], and
no other particle in the BBB branches in the time interval [0,1]. Thus
- e_l)N -1

1
P.(Us|Uy NUs NU3 N Uy) > ~v-pd—e)7
(5| 1 2 3 4)—6 (N—l)!

Combining these lower bounds, and taking the infimum over € &’ in (8.9), we obtain

inf P,(B|K
inf PL(BIK) > eLw,

for some €7, y > 0. The lemma then follows from B.1). g
Proof of Lemma 2.4 Lemmas B.1] and .9 imply that

inf P,(ANB) > < inf Px(A)> ( inf Px(B|A)> >0. 0

zeCy, zeCy, zeCp,

3.2. Proofof Lemma E

This section is devoted to proving the deterministic Lemma [L.6. For this we will use the following
two claims.

Claim 3.3. Fix a configuration x,w and an integer £ € [N| with wy > 0. Wite k = k(x,w,¥) and
w* = g(x,w, ). Ifwy > 1and k # £ then also k(x, w*,{) # L.

Proof” Let
1
Y= N —wi—wp > wim,
i€[N]\{k, e}
and define
N — wp — wy, (we+1) Wy
b= ;
Nt1 YT Ny Tt Nt

this is the barycenter of the configuration obtained from z, w after letting zy branch (increasing its
weight by 1) but before any killing takes place (so the total weightis IV 4- 1 rather than V). Likewise,
upon killing particle xj and letting x4 branch consecutively, define

N—wg—wk (w}‘+1) w};
-
N+1 7T Ny1T TN+

k-

We have (N — wy — wg)y = Zie[N]\{k,é} w;T; = Zie[N]\{k,Z} wlz; since wf = w; for all
i € [N\{k,l} and N —wj —wj; = N —wp —wy, since w; = wy+ 1 and w, = wy, — 1. Thus, the
point b* is the barycenter of the configuration obtained from x, w* by letting ; branch but before
any killing takes place, and also,

N —wy — wy, (we + 2) (wr, — 1) Ty — Tg,
b = =b :
N+1 TN T Ny TV T N

As depicted in Figure ] below, since |z — b| < |z, — b, it follows immediately that |z, — b*| <
’I‘k — b*‘

(3.3)
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Figure 3. Pictorial description of (B.3) showing that |z, — b*| < |z — b*|. Here,
H is the hyperplane perpendicular to x4 — xj, and passing through b.

Since wj, > 1, this means there is at least one positive-weight particle further from b* than xy,

and thus k(z, w*, £) # £. O
Claim 3.4. Fix a configuration x,w, let bg = N1 25\;1 w;x;, and let
(= argmin |z; — by . (3.4)
1€[N]:w; >0

If there exists § € [N]\ {€} with wj > 0 then k(x,w, ) # L.

Proof” Since the killing rules for deterministic configurations are invariant under affine transforma-
tions, we may assume that by = (0,0,...,0) and 2y = (1,0,...,0). Writing

1
N — Wy Z Wit
Je[NI\{e}

z =

we have

N —wy Wy
b() = N Z+ ﬁl’[,
s0 2z = (Nbg —wypzy) /(N —wy) = (—we/(N —wy),0,...,0). Since z is the (weighted) barycenter
of the particles excluding x, it follows that there is j # £ with w; > 0 such that x; is an element
of the halfspace P = {(p1,...,pd) : p1 < —we/(N —wy)}.
Now, similar to the proof of Claim @, write
N —wy wyp + 1
TN+l T NTI”
for the barycenter of the configuration obtained from z, w after letting xy branch but before any
killing takes place. An easy calculation gives thatb = (1/(N+1),0,...,0),s0 |z, —b| < |z, —bo|.
Moreover, for a particle z; € P as in the previous paragraph, we have |z; — b > |z; — bg|. By
our choice of £ we also have |zy — by| < |z; — bo|, and thus |z, — b| < |z; — b|. Thus there is at
least one particle further from b than xy, so k(z,w, £) # /. O

14

We now conclude the proof as follows.

Proof of Lemma [.6. Fix any unambiguous configuration z, w (recall (1.4)) with at least two particles
with non-zero weights. For by as in Claim B.4, let £ = argmin ey, >0 [Z¢ — bol. Let w® = w,
and for j > 0, w0 = g(z,w") ¢), and k; = k(z,w") ¢). By Claim B.4, ko # £. By
Claim B.3 and induction, for all j > 0 such that w,(éﬂ) > 1, we have k(z,wtD 0) # £, so
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wéj+1) = wéj) + 1. Since the maximum possible weight is IV, it follows that thereis j < N — 1

such that w,(gj—i_l) =0.

We have shown that, starting from any unambiguous configuration with at least two particles
of non-zero weight, there exists a sequence of at most N — 1 branching events which reduces the
number of particles with nonzero weight by at least one. Repeating such a procedure at most N —1
times, we necessarily obtain a configuration with at most one nonzero weight. This completes the

proof. O

Given d > 0,let z € R™N be a §-unambiguous configuration (as defined by ([L.3)) and introduce
the notation

N
b
RYN = {y eRUN iy = (y1,--- ,yn) € [[ B <x 4> } , (3.5)
i=1

which is the set of generic configurations within g of z. The following corollary will be essential to
the proof of Lemma @ in the next section (Section .

Corollary 3.5. Given any §-unambiguous configuration ,w, Lemma |6 assigns the same collapsing sequence

of branching events to y, w for all y € Rg/X4Nx.
Proof It is immediate from the definition of Rg;f; and the fact that  is 6-unambiguous that any

element y € R§74Nx is g—unambiguous. Moreover, y; € B (azi, %) for each i € [N] so at any step

in the proof of Lemma [L.§, the barycenter of ¥, w can only be at most g away from the barycenter
of z,w. Hence, Lemma [H assigns the same sequence to ¥, w as to x, w. O

3.3. Harris recurrence for the recentered BBB

In this section we prove Lemma [L.3, Lemma P.5, and finally Theorem [I., which asserts the
Harris recurrence of X — X.

Recall that for 6 > 0, we defined &5 := inf{¢ > 0 : X () is 6-unambiguous}, where the meaning
of §-unambiguous is given by () Lemma states that for ¢ small, the event {5 < 1} occurs
with probability as close to 1 as we wish, uniformly over starting configurations.

Proof of Lemma .3, For each a € (0,1), define the event
D,, = {no branching occurs in [0, ] }.
For each t > 0 and j € [N], we define
ri(t) = |1X;(t) — X(1)].

RdXN

For any x € . and any § > 0, we have

P.(& > 1|Dy) =Py ﬂ {z;ér?elﬁ\/] |ri(t) —ri(t)] < (5} ‘Da

0<t<1
<P (Lmin | (5) - (5)] <9[0
< 3 Po(ln(5) - (3)| < 9[pa)
i#jE[N]

IN

w(3) - (§)] <olo.)

N

< > max Px(

2 ) i#j€[N]
Moreover,

P (1 (3) -1 (3)] <o) =
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where
W) =P E @ 86
[INI\{i,5}

is the distance between X; and X at time 5. Thus, by the tower law, we can write (.6) as

B [P (Jous (X (3)) — o0 (% ()] = 0l (5eermngesy -0 < 2 < 5) ) D]

Given D, the particle positions at time % are independent Gaussians. So, as d |, 0, the event in the
conditional probability then requires that the norms of two independent Gaussians be arbitrarily
close at time §. It follows that

lim sup P >1|D
610 xERdIiN (56 ‘ )

=t swp - max P (|1 (3) =1 (5)] <910

= 0. 3.7)

Finally, we have
Paz(fé > 1) = Px(fé > lyDa) + PI(€5 > 1,D2)
= e *Py(& > 1|Da) + (1 — e V) Py(& > 11D7)
e NP, (&5 > 1|Dy) +1 — e oV,

Thus taking the supremum over z € RV

using (B.7), we deduce that

, and subsequently the limits as § | 0 and as « | 0, and

lim sup P >1)=0.
60 xeRdIiN 1(55 - )

We conclude that for any € > 0, there exists § = d. > 0 such that

inf Pg(és<1)>1—e

TERIXN

O

We now turn to the proof of Lemma P.5. Recall that the time-t extent of the process is defined
as

E(X(t)) = Jax [ Xi(t) — X;(t)];

the lemma asserts that the extent reaches bounded values in a bounded time with high probability.
For the proof we need one final definition. For any ¢ > s > 0 and 6 > 0, let
Hjs(s,t] :={Each particle stays within distance ¢ of the location of its time-s ancestor

from time s until it is killed or until time ¢, whichever comes first} .

Note that for any z € RN,

N
P, (Hs(s, t]|Fs) > e NP ( sup |B(r)| < 5) >0,
rel0,t—s]

where (B(r),r > 0) is a standard d-dimensional Brownian motion starting from the origin. This
holds since one way for Hj(s,t] to occur is for no branching to occur in (s, ¢) and for no particle
to travel distance > 4.
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Proof of Lemma 2.3, We give a two-step argument. Throughout the proof we assume that L > 2.

Step 1: Geiting to a 0-generic configuration confined to small balls of radius g with positwe probability.
Fix € € (0,1). By Lemma [L.3, there exists § = 6, > 0 such that

l—e< inf P <1).
TERIXN z(§6 )

Moreover, there exists ¢ = ¢, 5 > 0 such that
inf Px(H5/4(£5,L”§5 < 1) > c.

r€RIXN

It follows that
inf PI(H5/4(§5,L],§5 <1)>(1—¢€)c>0. (3.8)

rERAXN

RdXN

For any x € , we have

P,(T" > L) =P (T > L|Hy4(¢5, L), &5 < 1)Po(Hsa(s, L], & < 1),
so by (B.8) the result follows if we can show limz oo Py (T > L|Hj4 (&5, L], & < 1) = 0.

Step 2: Application of the deterministic lemma (Lemma [I.6G) and of Corollary B.3,

By Lemma [L.6, there exists a deterministic sequence (45)72y of m < (N — 1) branching events
that collapses the configuration X (&5), (1,1,...,1). For convenience, introduce the notation

v () = Pu (| Hsa(Es, L], &5 < 1)
and, recalling the definition of RE*Y from (B.9),

— dx N .
Ep ={z € R674,X(§5) : E(x) > L}.
By the law of total probability and the Markov Property, we obtain
v (T > L)

= v, (TP > L= 2)u, (TP > LT > I - 2)

=1, (T > I — 2)/ Ve(TW) > LITW) > L — 2, X(L — 2) = y)vo (X (L — 2) € dy)

Er
< sup v (T > L —2) sup v, (T > 2). (3.9)
zERIXN yeEL
Thus, it suffices to show that there exists C' € (0, 1) such that
sup v, (T > 2) < C. (3.10)
zeE],

Consider the event

F = {(i;)7L, are the first m branching events to occur in (£, 2]}
We have the containment ' € {T") < 2}, so taking complements
{T") > 2} c F* = {(45)7L, are not the first m branching events of ({5, 2] }.
Using the first construction of the BBB process from Section [L. 1| and the fact that the same sequence
(14 );”:1 collapses any configuration 2 € Ey, by Corollary B.3, we obtain that
v (TWH) > 2) < 1, (F°)

=1-1(J(2) = T (&) =2 mva(F° | T (2) = T (&) =2 m)
<1—P(Poisson(N) >m)-(1—N"™)
=C<1
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for all x € E'r, which proves (B.10). It then follows from (8.9) that
lim sup Po(T™ > L)< lim sup 1, (T > 1)< hm Cc2l = O

L—oo zERIXN L—oo 2ERIXN

We will now prove Theorem using Lemma @ We use @ to denote the recentered BBB
process, so that @; := X (t)— X (t) forallt > 0. Forcacht > Oand x € RN let j1y == P,o®; !
be the law of ®; given that g = x—2. Denote by ¢ the N-fold product measure of a d-dimensional
standard Gaussian and recall the notation

Cp = {z e RN : B(z) < L}
We begin with the following key estimate.
Lemma 3.6. For any L > 0, there exists v = (L, N') > 0 such that

f inf A) > ~vo(A Borel A ¢ RN 11
xlenCngqum( ) > vp(A), forall Borel A C (3.11)

Proof Let L > 0. Define
D = {no branching events occur in [0, 2]}.

By monotonicity and independence, for any Borel A C R¥*N | we obtain

/J/t,x(A) Z 'Uft,x(A N D)
= :U'tx(A‘D)Mta:(D)

|y1—<z -z)|2

_2N DY
/H (2rt)i o gz - dyn.

Moreover, for each z € C,y € RN and t € [1,2],

lyi—(z;-m)? lygl? Jzi—m? L2 yl?

e 2t e 2t e @ 2t e 2 e 2

> >
Qrt)¥/2 = (2mt)¥/2 T 2d4/2 (27)d/2’
which implies that for each = € C, and t € [1, 2],

_lyi— (Mﬂb)l e_NTLQ 1 N
2N/ H (2rt) /2 —oam e dyy > e 9dN/2 (27)dN/2 /AHG dyn
N2 -
= Nl A).
Thus (B-11) holds if we take y(L, N) = % > 0. O

Proof of Theorem [I.5. We wish to show that ® is Harris recurrent. According to Definition [1.9, it
suffices to show that for the same choice of ¢ as above, we have for all A C RN Borel,

p(A) > 0= zél@fXNPz(nA =o00) =1,

where g = [¥ 1p,c43dt. By Lemma R.3 and Remark .6 (i), the stopping times (73,7 > 1)
defined by (R.1) are finite P,-almost surely. Fix L > 0 and any Borel set A € R¥N_ For each

integer ¢ > 1, define
. T;+2
77?4 Z:/ ﬂ{@teA}dt.
T;+1
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For all i > 1, the strong Markov property, Tonelli’s Theorem and Lemma B.6 imply that
B[] = o [Excr [na]]

2
1

=/ : px(ay (AN
> p(A).

Let 0 = vyp(A) € (0,1), since vy € (0,1) and ¢ is a probability measure. Using the strong Markov
property and Tonelli’s theorem, it follows that for any 7 > 1

0 < Eq[n'y]
=E, [n;‘]l{nzggz}] +E,; [7]114]1{,7}'4>92}}

= Ez[ni‘ﬂ{n%gw}] + E; [EX(Ti) {nfl“]l{ﬁiP@Q}H

2
< 0°P,(n}y < 6?) + E, [ / Pxr)(P € Anl > 02>dt}
1

< OPPa(ny < 0°) + By [Py () > 0%)]
= 0°(1 = Py(ny > 0%)) + Po(ny > 0°)
= 0%+ (1— 0*)P,(ny > 6°).
where in the second to last equality, we have used the strong Markov property to obtain the identity
E; [Px(r,)(n} > 0%)] = P.(ny > 6?). Rearranging the above inequality, we now have
2

1—62

Moreover, the same proof shows that almost surely

P.(nYy > 6% > >0, Vi>1. (3.12)

S

. _92
Pm(”% > 02 ’ ]:Ti_l) 2 1 02

for all # > 1. Since the random variables (ni, 1 < j < i) are Fr, ,-measurable, it follows that
almost surely

; ; 6 — 62
Px(ﬁﬁ>92\nﬁ7léj<i)2 1-¢2
This implies that the collection of indicators ( 1[772 Sg2) 4 2 1) stochastically dominates a sequence

(B; : i > 1) of independent Bernoulli random variables success probability % > 0. Itis

immediate that, almost surely, n%, > 62 for infinitely many 4, and so
,  a.S.
na >y ny = oo,
i>1

as required. 0.

4. Open questions

e It would be nice to understand the behavior of the rescaling o(d, N) obtained in Theorem
1], especially as N — oo. We have shown that o(d, 1) = o(d,2) = 1 forall d > 1, and
that in general, o(d, N) is related to the quantity X(d, N) = E,[r — 71]7'/2Q, where Q
is a d-by-d matrix such that C' = QQ is the covariance matrix of Ay = X (m2) — X1 (71).
Thus, one way to gain information about o(d, N) would be to understand the relations
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between the coordinates of Aj. This approach seems rather difficult to implement given
the abstract nature of A;. However, it seems likely that

lim o(d,N) =0, 4.1)
N—oo

for all dimensions d > 1.
e For Borel A C RY, write

i (A) = %#{{Xl(t) — X(t), -+, Xn(t) - X(1)} N A}

for the empirical measure of the BBB process viewed from its barycentre. We expect that

7V converges weakly as first t — oo, then N — 00, to a continuous Borel measure with

compact support. It seems likely that the limiting measure is the one identified as the hydro-
dynamic limit of the branching particle systems studied in [, 6], where the authors consider
N-BBMs with killing of the particle furthest from the origin.

5. Appendix

Given two functions f,g : R — R with g # 0, we write f "'~ ¢ if% =14 o(1) as

m — 00. Moreover, we define the set
A ={X:[0,1] = [0,1] : Xis a strictly increasing, continuous bijection},
and subsequently the Skorohod metric on D([0, 1], R) by
d(z,y) = ilellfx{max (doo (A ), doo(x,y 0 N))},

where I € A is the identity map on [0, 1], and dw is the supremum metric defined by

doo(fr9) = Sup |f(t) —g(t)]

for functions f and g on [0, 1]. In particular, we observe that for all 2,y € D([0, 1], R%)
d(z,y) < doo(2,y) (5.1)

by taking A = I € A. We can now recall the multidimensional version of Donsker’s invariance
principle.

Theorem 5.1. (Donsker’s Theorem, Theorem 4.3.5 in [[15]) Let (A;; i > 1) be a sequence of indepen-
dent and identically distributed R -valued random variables with mean 3 and d-by-d covariance matrix C' = QQT,
Jor some matrix Q. Define the partial sums S(j) = >_7_; Ai. Then, we have

(m*l/Q (S(|tm]) —tmB),0 <t < 1) 4 (QB(),0<t<1)

in the Skorohod topology on D([0,1],RY) as m — oo, where B = (B(t),0 < t < 1) is a standard

d-dimensional Brownian motion.
5.1. Proof of Proposition [1.4

Let 2 € RN denote the initial configuration of X, i.e. X (0) = z. The main idea will be to
approximate X by a sum of IID random variables, for which we may apply Donsker’s invariance
principle. The approximation is justified by properties (1)-(5) in Proposition [.4. Throughout the
appendix, we denote by B = (B(t),t > 0) a standard d-dimensional Brownian motion and we fix
m:=E,;[rn — 71].

We first define the appropriate sum of IID random variables which automatically satisfies an in-
variance principle.
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Lemma 5.2. Consider the sequence of sums of increments S(j) = Zgzl A;, where Ay = Xq(7Ti41) —
X1(73). There exist 8 € RY and a d-by-d matrix Q such that

(mfl/2 (S([tm]) — tmB),0 < t < 1) 4 (QB@),0<t<1)
in the Skorokod topology on D([0, 1], R%) as m — oc.

Proof By property (2), the random variables (A;;¢ > 1) are IID. Moreover, by property (4), they
belong to L?(P,). Letting C' = QQT be the covariance matrix of A1 and taking 8 = E;[A1], the
lemma then follows from Donsker’s invariance principle (Theorem b.1)). g

For each s > 71, let k[s] be the unique positive integer such that 7 < 8 < T[54 and for
s < 71 let k[s] = 0. Note that each k[s| is a random variable. We next control the errors in
probability between an appropriate rescaling of X1 and S.

Lemma 5.3. Fix any initial configuration x € RN, We have

in probability with respect to P4, as m — oo.

Proof” Since 71 < 0o almost surely with respect to P, and X is right-continuous, it suffices to prove
that as m — oo
M2 sup | X4(t) — S(k[t])] — 0

71 <t<m
in probability with respect to P,. We have

m

k[t]
Xa(t) = S(k[t]) = X1(t) = > (X1 (ri41) — X1 (7))
i=1
= Xi1(t) — Xa(7g[g 1) + X1 (1)
Therefore,

sup | X1(t) = S(k[t])| = sup [X1(t) — X1(Thp41) + X1 (71)]
T1<t<m T1<t<m
< X — X ] X
= Srinﬁ%c}[(m}ngiigiﬂ‘ 1(s) = Xa(7)| + [ X1(m1)]

almost surely. Fix any € > 0. It follows that

Px( sup m-1/2|xl<t>—s<k[t1>r>e)

71 <t<m

<P, | max s m V2X(s) - Xa(n)| > 5 )+ P (X)) > 5) 62)
1<i<k[m] r,<s<r;41 2 2
Since 71 < 0o almost surely with respect to P, and X is right-continuous, then | X7 (7)| < oo
almost surely with respect to P. Therefore, the second probability in (5.9) converges to 0 as m —
00. Consider the random variables
Zi= sup |Xi(s) = Xi(m)|, i=1,--- k[m].
TiSSSTit1

By property (3) of Proposition [L.4, the (Z;)i>1 are identically distributed. Moreover, by property
(4) of Proposition [1.4 and the triangle inequality, we obtain E,[Z?] < co. Since (7i41 — 74;1 > 1)
are IID with finite mean by Property (1) of Proposition [I.4, the strong law of large numbers implies
that 7 — m, Py -a.s. asn — oo. It then easily follows that

kls] “X%m™ s, Pgeas. (5.3)

The result therefore follows from Fact . g
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Combining Lemma p.3 with property (5) of Proposition [L.4, we obtain the following lemma.

in probability as m — oo. In particular; by (5.1), this implies that
a (m=Y2 (X (-m) = klm]B) ,m~ "2 (S(k[m]) — k[m]3)) = 0

Lemma 5.4. We have

in probability as m — oo, where 5 := E,[Aq].

Proof Yor every € > 0, the triangle inequality implies that

(3 )
oo (322 250) ), o (S ) 1)

asm — 0Q. O

N

We will make use of the following version of Slutsky’s Theorem for general metric space-valued
random variables.

Theorem 5.5. (Slutsky’s Theorem, Theorem 3.1, [8]) Let (M, d) be a metric space. Suppose that
(Xn, Yn) are random elements of M x M. If X, i) X and d(X,,,Yn) — 0 in probability, then Yy, i) X.
We are now able to prove Proposition [L.4.

Proof of Proposition [1.4. In this proof, every convergence in distribution statement is with respect to

the Skorohod topology on D([0, 1], R?%). Lemma p.4 and (5.3) imply that
(m=Y/2 (S(kltm]) — K[tm]B) ,0 < t < 1)
"R (2 (5 ([tmm ! [) —tmm8) 0 < ¢ < 1)
4 (m’l/QQB(t) 0<t< 1>

as m — 0o0. Combining this with Lemma .4, we can apply Slutsky’s Theorem (Theorem b.3) to
obtain

(m_1/2 (X (tm) — k[tm]B) ,0 <t < 1) LN (m_1/2QB(t), 0<t< 1)
as ' m — oo. Hence
(m*l/Q (X (tm) — tma) ,0 <t < 1) L (ZB(t),0<t<1)
as m — oo, where in view of @), we have defined

o= pfm T = EJAjm™" and ¥ :=m Y2Q. O
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